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ABSTRACT

The CO2 emission is one of the components of global warming which has been more attention
paid. Globalization as a phenomenon in the world has been affected the economic and social
aspects of people. Therefore, given that globalization and the growing share of countries in the
global trade network require extensive economic and productive activities, there is doubt about the
impact of globalization on CO2 emissions. Considering the lack of consensus, the present study
seeks to answer the question of whether globalization will increase or reduce CO2 emissions. To
achieve the aim spatial panel data is used. The results of this study showed that globalization has a
positive and significant effect on CO2 emissions in the MENA region. In other words, the growing
trend of globalization has led to increasing CO2 emissions. Also, due to the spatial relationship
between the MENA countries, it is suggested that countries begin to more cooperation and
common policies in order to reduce the negative effects of economic activities on the environment.
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Extended Abstract

Introduction

The CO2 emission is one of the important global challenges which has been more attention paid by
governments and international environmental organizations in recent years. The Middle East and
North African (MENA) region are composed developing countries which are major producers and
exporters of oil. Due to importance of globalization in order to link with developed countries, oil
producers activities has increased by governments, playing an important role in increase the CO2
emission in MENA region. In other hand, globalization has affected the economic and social
aspects of people, leading improve producing technologies and attend people to environmental
issues. So, there exists doubt about the effect of globalization on CO2 emission. So, this paper aims
to answer the question: “what is the effect of globalization on CO2 emission in the MENA
countries?”

Methodology and data

To achieve the purposes of this paper, the spatial panel data model is used. Regarding the
importance of spatial dependency in regional analysis, the use of spatial econometrics is necessary
in order to prevent biased results and present wrong policy implication. This paper models CO2
emissions as a function of GDP per capita, squared of GDP per capita, globalization, population
size and urbanization by three methods of spatial error model (SEM), spatial lag model (SLM) and
spatial autocorrelation model (SAC). The analysis is based on balanced panel data and covers a
total of 17 countries (i =1, 2, ... , 17) for the period between 2000 and 2015 (t = 2000, 2001, ...,
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2015). The selected countries are Algeria, Bahrain, Egypt, Iraq, Islamic Republic of Iran, United
Arab Emirates, Saudi Arabia, Syrian Arab Republic, Lebanon, Yemen, Qatar, Tunisia, Oman,
Morocco, Jordan, Kuwait, and Libya.

Results and suggestion

The results of Moran’s I index indicated that there exists spatial dependency in sample and spatial
panel data model is efficient model to achieve the aims of this paper. This means CO2 emission is
not national phenomena and has affected other nations. This indicates that an increase in CO2
emissions of neighboring countries would cause the rising of CO2 emissions in local country. The
empirical results showed that the coefficient of globalization are statistically significant positive at
the 1 percent level, meaning that an increase in globalization of MENA countries would contribute
to higher CO2 emissions in these countries. The coefficient of GDP per capita is significantly
positive while the squared term carries a negative sign and is statistically significant at the 1
percent level, implying that there exists an inverted-U EKC relationship between GDP per capita
and CO2 emissions. The coefficient of the population size is significantly negative at the 1 percent
level, revealing that more populated countries are associated with lower CO2 emissions. The
coefficient of urbanization is statistically significant positive at the 1 percent level. This indicates
the higher urbanization increases CO2 emissions. In terms of policy implication, it is suggested that
countries begin to more cooperation and common policies in order to reduce the negative effects of
economic activities on the environment.
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