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Abstract

One of the most important factors on UHI value, which is attended deeply in developed countries, is the covering
type of parcels’ roof. However, due to the different effects of various covering types and also their distinct
results in various locations, developing a spatial decision support system (SDSS) to select the optimal covering
in the optimal location is inevitable, which has not been investigated before. Therefore, in this research, an SDSS
has been developed including two main stages: 1) estimating land surface temperature of the study area and 2)
selecting the optimal parcels to change their roof covering types with three predefine roof covering types. Then,
in order to evaluate the results, new land surface temperature values and urban heat islands were recalculated.
According to the proposed model, the standard deviation of the UHI values in the study area has decreased from
13.222 ° C t0 10.781 ° C, which leads into an increment in the thermal uniformity in the region. Additionally, the
results show that in order to control the thermal islands, it is necessary to use green roof areas around the region
because this cover type has wider effects than other types. In other words, roofs with materials such as flagstones
or high albedo materials have local effects in controlling the UHI values of the region.
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Extended abstract

Introduction

Migration to cities and urban development have led to the irregular growth of cities and the
uncontrolled transformation of natural land cover into artificial and impenetrable cover. As a result, it
has created numerous environmental consequences for cities, including the phenomenon of heat
islands, as a result of which the temperature of urban areas has increased compared to the surrounding
areas, causing changes in ambient temperature, air pollution and harmful effects such as greenhouse
emissions. Therefore, measuring and controlling the effects of urban heat islands, based on scientific
and justifiable principles, helps decision-makers to overcome the resulting problems. Today, one of
the most effective ways to control the effects of heat islands in developed countries is to use less heat-
absorbing coverings, such as green infrastructure, high-albedo materials and flagstone, to cover the
roofs of buildings. Therefore, in this study, an optimal planning based on spatial analysis, using the
remote sensing and computational intelligence in the form of a spatial decision support system that can
determine the effects of changing the roof covering of buildings in the study area.

Materials and Methods

To survey the research, a neighborhood from a central region of Tehran, the 7th region, was chosen to
develop a software package for green roof planning. The main reasons for choosing the neighborhood
(i.e. Khaghani) are existing the various land uses and high level of density in the neighborhood. The
total population and area of this neighborhood are about 10000 persons and 0.366 km?, respectively.
This neighborhood consists of 988 parcels with a variety of 15 land uses. It is expected that the UHI
effect has a significant role in this neighborhood since the region that the neighborhood belongs to, is
one of the central regions in Tehran. Moreover, for developing the software package, map of parcels
with attributes related to the area and land use and Images of Landsat 8 over the neighborhood are
employed:

In this research, a software is introduced for changing parcels’ roofs intellectually to alleviate the UHI
effect in the study area. To this end, the satellite data mentioned above are utilized and then some
atmospheric and radiometric corrections are applied by the FLAASH (Fast Line-of-sight Atmospheric
Analysis of Spectral Hypercube) method. These corrections endorse and enhance the validity of
images’ digital numbers, which contain data about bands of the satellite. Now, the images are ready to
excavate for computing indices related to the UHI effect. Two main groups have a pivotal role in
calculating these indices including vegetation and urban groups. When the indices are developed, the
relationship between UHI and indices is investigated using the linear regression method (LRM) to
obtain indices’ coefficients. So, the UHI effect can be modeled through the values of indices and their
coefficients. Afterward, the software package tries to find some parcels, which constitute a certain and
predefined percentage of area, that have a significant impact on UHI’s standard deviation by changing
their roofs’ covers into three types cover including green, high albedo materials, and flagstones as the
novelty of the research. Since there are a lot of feasible solutions, it is necessary to use a metaheuristic
algorithm for finding the optimal solution. Therefore, in the second step of the proposed method, the
optimal solution is conveyed by the Genetic algorithm (GA), as the most common algorithm in
metaheuristic algorithms. After finding the optimum parcels for changing roofs’ cover, the UHI effect
is computed once again to show the improvements.

Discussion of Results

In this research, software package is designed and the Landsat8 images related to 31 July, 2020 were
employed to compute SHI value in the study area. In this regard, all bands of Landsat8 had been used
and corrected through the FLAASH algorithm and then the SHI’s indices were evaluated based on the
mentioned formulas. In the next step, in order to determine the coefficients of indices, an LRM as
expressed in the methodology section was applied. In the regression, the 14 indices and the measured
actual temperature in each location were assumed as independent and dependent variables
respectively. In addition, 1500 locations in Tehran were considered as observation points for
measuring indices and actual temperature. The extent of observations’ locations was selected over
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Tehran to cover more observation points and thereby achieve better UHI estimation. Among these
1500 observation points, 70% and 30% of points were selected as training and test sets respectively.
Additionally, the RMSE and R? for the regression were computed over the training and test data.
According to the obtained coefficients of indices, the SHI values for the study area were achieved
through Weighted Linear Combination (WLC).

As mentioned, the Genetic Algorithm is used to select the optimum subset of parcels for changing
their roofs’ infrastructure with three covering classes including vegetation, high-albedo materials, and
flagstones. This subset is assumed as 10 percent of all parcels in the area. However, some parameters
should be set before using the algorithm such as the number of population and generation, the ratio of
selection, crossover, and mutation. Besides, minimizing the standard deviation of SHI values was
assumed as a fitness function for GA. As a result of the algorithm, the selected parcels and their
appropriate roofs’ infrastructure for minimizing the standard deviation of SHI in the area are
presented. This optimal solution was obtained through 252 generations that its convergence trend is
presented. Additionally, based on the changes of selected parcels for roofs’ cover, the SHI values for
the study area are computed again. These new values for the SHI and UHI effects are presented.
However, the obtained standard deviation of SHI values for the changed roofs’ cover is 10.781°C
while this value before changes is 13.222°C.

By examining the selected parcels obtained from the GA results with green spaces in and around the
study area, it is found that the GA selects parcels for changing the roof covering with vegetation that is
not contiguous with the green spaces in their surrounding area. whereas, according to results, the GA
did not choose any parcel in these areas to change their roofs’ infrastructure to vegetation cover.
However, highly efficient covering in SHI values such as vegetation and high albedo materials
circumscribed the study area. This fact shows that in order to control the variation of UHI in the center
of the area, it is necessary to curb the SHI values in the border of the study area. However, the less
efficient cover compared to vegetation and high-albedo materials, which is flagstones, are located
dominantly in the center of the study area since their influence is more limited and local than the other
types.

It is also can be perceived that all changes in roofs’ infrastructure are not in line with changing to the
vegetation cover, although this type of covering has the best effect to reduce SHI value. This
consequence is because of the fitness function of GA, which is based on the standard deviation and not
the mean value. The type of vegetation for covering decreases the SHI value, and thereby leads to
decreasing mean value, while the objective of the software is to minimize the variation of SHI values.
Therefore, vegetation cover is used in a location where the study area confronts with hotspot SHI
value at that location. To verify this claim, the vegetation cover is utilized for all parcels selected by
the GA to compute the SHI value for this scenario.

Conclusion

With the widespread growth of cities and the increase in population, natural covers have been changed
to artificial and impenetrable land cover, which lead to several environmental problems for cities,
including UHI effects. Due to these changes, which are caused by the UHI effects, the temperature of
urban areas becomes higher than the surrounding areas. One of the most practical and efficient
methods for controlling the effects of urban heat islands is utilizing the green infrastructure and high
albedo materials for roofs’ infrastructures; however, previous studies did not model this subject in
guantitative practice. Based on this shortcoming, the present study proposed a software package to
investigate quantitatively the changes of UHI effects based on the substitution of present roofs’
infrastructures to three selected types of covering class including vegetation, high-albedo materials,
and flagstones. Additionally, the software used GA as a sub-model of the software to select the best
set of parcels in the study area for changing their roofs’ infrastructure according to a specified fitness
function. The fitness function assumed for this research is the standard deviation of the SHI values in
the study area. This fitness function controls the variation of the SHI values and prevents the creation
of UHI hotspots in the study area. This investigation is conducted in a neighborhood of a central
region in Tehran, which in the Khaghani neighborhood in the 7th region of Tehran. Examining the
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selected parcels obtained from the results of the GA with the surrounding green space and the study
area, it was found that the genetic algorithm selects parcels to change the roof covering with
vegetation that is not adjacent to the green space. This fact shows that in order to control the change of
UHI in the center of the region, it is necessary to limit these values at the border of the region.
However, less efficient cover compared to vegetation and high albedo materials, which is flagstone, is
predominantly studied in the center of the area. It can be also seen that not all changes in roof
infrastructure are consistent with changes in vegetation, although this type of cover has the best effect
on reducing the amount of urban heat islands. This result is due to the fitness function of the genetic
algorithm, which is based on minimizing the standard deviation of SHI in the area. Therefore, the
vegetation is used in a place where the study area is exposed to a high amount of urban heat islands.
Additionally, this cover type is more effective in the range of 100 and 150 meters of green areas.



7Y —FEd Axiuo AVA Yliuno)) € 6 louds £F 69 ( uwlinhs bouzo

U syew il s> 2152 J S jokae 4 Bl i g 93 dngd it
S0 S Julxi g Sl 5 pia 59531 31 oSl

rgl._v_:._&_.b.o Saod s\*u§,i'.w.o 09535

o|)._g| ;o|)4('\' e UI)-‘H Jab u.olLuJ é|)T ol u.»s 0 8wls hks)b)._t Aids W0 b))f \
Ol ol (ol Silo s 95 Sisiuo oSS (ol yoe 03I (SIS ) Al Swiyo 03,5 ¥

WA/ VY allie b jady &)l

\YA4/A/10 :allas ._J,aa) é)b"

oS>

oy abply galy 3 0jgpel & Cunl (Sho Gllad il (iBg £95 (2D S Rl od g9y 2 IS Jelgs Sl (S
wiliee Sloplo )3 ety Coglite glis pipan 5 hlisee Slodidsy Cglite 15U 090 4y dagi b Lol 9300 o 4 oy
lalols iz 98 & Asle Al Ol agy ol 3 e g S Cqr S (655 mread bl S 52
390 dilais pdaw &yl doyd 3)l Lol dls e 93 Jolis &S sl o Dbul (lailobw Buind pl 50 1 sl onis (g jlwosly
s 2l oo 0 iy B3] b 55 s b ool s (g e (sl (Slo labad | iy slasgooe bl g adllas
(B9 Jho 4 a2l b ) dnule baoee (s0ed (Sl i plaled g gaw ©)l s 420 i dlie ls (L)l yolate &
il 00183 L5 45 sl ATBly 3510 Lpossmedas 433 Vo IVAY &y yossdes doys VWYY jl athaio 5 il lne il
s 015 1)) o Lawsss il iy g5 5 oSho olabad el ) ool gults (i .l dilato s 3 1 oyl 515
b e cpl 1p Mbe dibaio (9ol 3 (2L Jidgy Sl edlatl ajls 3 ()l plix S8 Gl & e

D) iy plw s Cannnd (6 yingurg

031y w5

s (g ySy Jhec S x0ed Syl plir A cunsd polai ¢ S labdos « S5 o555l

Gble & o e Gble Glos O rge 4 &
Dong et al., 2020; Govind and) L . 2ul580 <ol bl

Ramesh, 2020; Oke, 1982; Xian and Crane, 2006;
ol (Yang and Bou-Zeid, 2019; Zhou et al., 2017

Q‘Ju})@..;': Ll B Ju‘ju L;JJ‘) C«.L:S J"");J‘ aJ.i.l.i
b o o) SldS gl Lixl 5 s (ST ddass
Han et al., 2009; Johnson et al., 2012; ) aas I3

Parker, 2020; Sharma et al., 2017; Theeuwes et al.,
b s s Ol sl Jle Olge 4. (2015

Ssi BB e 5 ogne CSLNLL@T@)QE)@&‘)‘

jléT)w
ol ok 4 (Cmezr e S @sdS aas Ao b
Sl 4 o s g s SUIGl Slads S a3 il
Li )l 0l 5 b Gblis 4y pliees; Gbbie 51 2o
et al., 2020; Lin et al., 2016; Liu et al., 2015;
Ly Eel O s ol (Motieyan and Mesgari, 2018

G e O a o s sl Gl
Govind and ool o 358 JB 8 5 osas g
ol <slg,s (Ramesh, 2020; Zhang et al., 2020

Lo Jae sy gladely s, o OOLAS

Sl 03331 352 50 b g gl Sol plir sy Aile

Email: N_mostofi@azad.ac.ir

DOI: 10.22059/JES.2021.323922.1008177
DOR: 20.1001.1.10258620.1399.46.4.4.9

ZJW@M}}*


mailto:N_mostofi@azad.ac.ir
https://dx.doi.org/10.22059/jes.2021.323922.1008177
https://dorl.net/dor/20.1001.1.10258620.1399.46.4.4.9

olal Lyl 5y s e (e 15 der 51
G s oS ol et 38 5 e p 2 s
G gl C b5 B ol 03 5SS OB LS s
Pl 6l bl 53 1 5o ply slae sl o3 5
.(Sanchez and Reames, 2019) .S (g5 yasl o YU

Qs sy Sl ¢ (VoY) 0L, 5 Chen
2 LT OS5 5 s sl VU Sz s L s
b oy WSl sed 00 v alsn 5 ol 005 S
GBSl S 5 b (Gad al 55 s ged )2
SRS GRS L ads bl At 5 s
oot S bl sk 4 alas,be « ENVI-met
el s b (G Jelge i LS 5SS
5 0k B B 6 Aas e OLES Goies ol gl
Loandlas 550 ailaie 4w 55 WU Sais s b4l
Cja“ 05 Ol by fals (ol calie gla bl
Chenet) ol o slacaan 3l eslanal 31 5 540 OLLS
.@al., 2020

Sl wpe Sldlas 50 (VoY) 0L, 5 Dong
G 2 Wl Sl Gble 5 s slesl It s
S e S b e oS e 00 GOl 2l
ol b Ll bl 4 S oMbl s 5 52
spdm Al ol e sleal oS das e OLES i
et Lgdip Folm plr 03 e 4 oA
Gl bl Lo oyl a3 3 gy B S0 e i
.(Dong et al., 2020)s 1> (s o Ao gl G s e

o oo S lls 580 sld Ly Slallas
St ol Dliied ) 02 ndidl e 25 S
L G 018 6, Seillil Sl 51 eslizad L Logos
Shge Goldds bl b 5 0dd ey oS iy el
S UlgaS Gl Sl el b sha 68 i
Olwbl LB ple ol ars 4 plaws & 20
O CRCH T RO PN PCIUON [E S ST PN e

L;?)\J}ﬂ\}g-ﬂhu.aéjjﬂu;&wgwwéuﬁﬁ

$CL

VY49 Glune ) W € 5 loits @ £F 595

70-

2 e Sle,S Sl s e S5 Dl 53 ek e
OB L s e s 4 (ramen 35die S5 sk
OLLS G5 5 ol (s Gblae 53 LS leddy
D) stk SASS St 53 5 s Jie
G amkin gla b Loy ol andl Ll e SRalS
adasly Sl 55 Okl gl 5 ples 5,0 A5le dils
4 e Al gladletle sy 455k 4 A
e bzl 25l b os das s el 1) oled
Alproekdy 5 oekd 2in LS Clr iy gl
A RS 5 6 Sesl nl 20 Son a5 5~
g BBy ele Gle il st SO Rl
ﬁUJ;Ml}}&JQKLJSMJLQQJJJQ
Hendel et al., 2016; ) s aké of 51 36 Jles
sleds, 3l S e 4 (Mostofi and Hasanlou, 2017
SLaosiS 5> Gl nlir SRS Gl LTS
A8 Solm o b gla il Sl esliad il ann s
sV Sir s b ool e gy el b

Fahmy et) (b o plestlo Caiu id gy 5o o b i

al., 2018; Madhumathi et al., 2018; Mohajerani et al.,
2017; Sanchez and Reames, 2019; (Santamouris,

G5 a5 cllas g poal sl bl 2013
Sle o3 T oS Sl p3Y s gl
Dong) s5i ol adke SOl pl s s
et al., 2020; Madhumathi et al., 2018; Zhang et al.,
(2013
Sl pl e « (Y+14) Reames 5 Sanchez
ol ) el edowe VL o s gl s
5 (NDVD) alS ity Jols eas s jasls
Gbesls b 51« (LST) ey Sl ams ldie
Lol 65 5ed anllan A oot o)l ale VY 5 Ve WL gt
Ay el Ghls (Gl e b i S n
Lo S s gl 55 5 LSl 5 me 03
Ghle 2 5 Carex ol pll gldde 4 x5

Sl Camer Gl Sy 4 ey b ool ks



e J YIS ) sbie a4 Laploidbn hiw Giub gy Aing s

70\
Vbsioe Suen (59 glue J9 58

wwu‘ﬁ)%ajwtsw_ﬁw)jd&l

C)LJJUQAJJA.EE.AQJ‘F D)Jé)b?duj;ﬁ\)\i LSJL"

3L e e l o5l 5

eI 99 9 3lge
axdllae 3590 dikaio

Sl Sl SBLt s (Gl plnil sk

bl Gl ol 48 Vi 53 315 08 45 655
e bl g by 5 68 el 4SS Slle
}JJWJVU@)WQ\J@JJ@,&V@.(\ I8
o ol Ol ol BYs Lol sd 1S5 aloes
oo 55 (oS5 WL w5 e gla (60 S
03 39d= L S 4 o cpl ol 5 Came S
MGl e ol el & SuadS A YPE g & e
s by Sl ol S5 fste 508 g8 V0 L askad
ST O ed @S ated o dls ol Canbse 4

Bl e pl g3 ege B SOl b

N
{
o 19
21 20
16 17
18 15
13 =7
14 12
8
10 "
9/ 6 .
7
AN 5
- 4
2 3 .
0o 05 1 2 3 a
I T 00000 <

(<)

sl JAI)[SJJAW.M‘ RIS R Sse
Bl @ sk @ bty i e O
sl Wl o Solm a5 sla bl okl
PV PU B A I S Y R O U T <
shael B s C Lol addlas Nl s auls ol
s e oLl Glp oss Sl eme sy e
5 Pl b addlas 5,50 adeis S 55 (el )l >~
)03 s G Sl engel &I g STus
e gln Sy g e S el Sl ZE Gl
5 W Saisns gbls g o alS iy Juls
D Ad sy i Sl w555 (b A
Lo Sronaby S Golsd ol oo el ol Iz
2 Glelme Siga g glas Jod 5 4 e
S el 0k Sl (6,5 el Oty Sl K LG
Gibs e 3l Jeol BT Ol e O LSS L
oA R e L elpds il slglatle sl
e Sl b Sle wsle (LT laasly als
@Y g e |y andllas 5 e adlie ol 4o

Qé}b%ﬁbuﬂﬁ&;ﬁu{u L;ﬁ)ubﬂ ol S

e

0 5 10 20 30 40
B N e KM

()

(FBB) o dlomo g Y allluis (& o ¥ allui g ol p (1LY JSUS

wilin & by o oo s eI L She Slakad Y

el S8

(S s Oy Slals an s gl ol 1 osDle

1390 oo o3l 5 (Glaesls 4e gazes



el 0l SN s s gl Slasiin oS peas

$CL

VY49 Glune ) W € 5 loits @ £F 595

70Y

L_SLQJGLM‘}OL;‘LBQ«AJ‘/\WM b)‘ﬁlﬂﬁ_}l«@”

A Cowsd 5 lsple gl § Bl Olasuiv ) Joia

(o) S0 S5 (4195 (yiog,50) z90 Jsb
Y. ¥ - ¥
Yo < ¥0--.0)
Y. <OV - 2.0
Y. CS¥- Y
Y. < Ad- <. AA
Y. VAV - V50
Y. Y. -V 94
VO BT 2N
Y. VY2 - VYA
Yoo Vel - V)0
Yoo AR AR AN

Shestanal b BLayl cpl )by 55 bt s x;
j.j—’ o})’\.&: u_‘}.JL,a.: J;:JLA )\ L;J:L’ 4\5) o J;.a.'.’.n @)‘}J
Wﬁ&'ﬁwkkb)‘b(ﬁb&uasb)s >4 90
¢L>u‘ (xl-) ol C‘)}L:M‘ LSLAU‘”'L‘:" 9 u.,a)‘}f« 9

(Kutner et al., 2004)s 5. .

Vi = Bixi + -+ Bpxip + &

i=1..,n (1) ki,

ol 03,51 st 0 g S5 Jdo (5 o) akaly 5o
S5 XTB Slaie 5 oslgl s cadle T ol s oS o
Sasb s B uld 5 X Goass Gl pie b
5ol S pd wds e b bdse s sl
Al el Yoo sled alaly (S8 4 O e e

y=Xp+e (V) abasl

Ll o b w b ) X Sl Yol s

e S3ldde sl s pine Sl SaldST Al asds
o aly Glapine SU a4l ol ol Jits
Jm bl Jies e O s G0 5 K0S
Osee S5 il s Slap S G LY dad,
5 GOl et S el e e (B sle i)
Bi glapize polie @ atly Jost 050 S5 55 sl

e 3l S olinde polie 4 Hls ) sladd 5o ol

[EXH LXVE O
Band 1 - Coastal aerosol
Band 2 — Blue
Band 3 — Green
Band 4 — Red
Band 5 - Near Infrared (NIR) OLlI
Band 6 - SWIR 1
Band 7 - SWIR 2
Band 8 — Panchromatic
Band 9 — Cirrus
Band 10 - Thermal Infrared 1
Band 11 - Thermal Infrared 2

TIRS

G (bl (9995

GS ol 1SS g laibol (i pl 3
S gludy > (S Dlalad i 3y i sl
ol sl anlllas 350 adlats 3 (6,8 ol pl
Acewdd ojlgale glaesls 51 slw ul 4 Lol
ol ey O eslial bog re gl 5 S Sl
ol dlsl s e Jlsl Gl g5, (FLAASH)
2L B Sl el SRl Co e Dl
e sl 5l dss 55,8 o o)lsmle s sad ol ;s
g bys sla et li aloe gl oslel pslal S
Sloarls ol o5 50 e Gl nlx
5ol L ke slapartls fld o5 5l e
Al e 03 o B et slaerls
o2l 53 ((Mostofi and Hasanlou, 2017).,ls 5l ~
5 A e ol Sl asl Sl A ey
Sleslial b s ol 2l 5 el ol s 0
Alaals 03550 Cy ke 4 st D S5 s
Pghr s pR L A

IV PP Solel gl esls Sls e p L
Rl R P sk D S5 e 53 {3 xa, ---'xip}?zl

S P by sy Jes pate oy bLI| &S



e J YIS ) sbie a4 Laploidbn hiw Giub gy Aing s

7oY
Olsmilae 3gea (S8 5huo )9 )5
(8l 3 dolase glan, SIS SG Olpe a0 (S
Csllae (il 3l Sl de a5 5 S e eslind
s 0l S Sl 4y (S olakad gl
QL:,JbJaﬁ*.a;'Jj\J.ola-@LﬁaﬁlS:fiwww
Ol b a coolgls Sy ol ooy ol s
Sl SIS 5 sl U5 S dalr SS (g el
S Gt (S5 s 5 0500 S 1) et UL~
G Jrle b Ll 1K s ey opl S bl
O Y S5 s G ol 5o ealinal 5550 (oolgiiy

el 0l 0315

Lol e 48 la ate 5 Ad dalgr & atly
SaS 4 ol by (Abel et al,, 2019) ol jsgin 38
0 lestle cain Sl Ol xS OlF e Jde gl
s L8 sk w s e Gl SOl Rl e
S w (Parcel) (g es ladad 51 S i
FAS b Y S s Lol wlS gla iy
St ol plr polis Olys oS 5 sS4 el
dows 535 g0 (Sho Slalad (VU sl @ 4 5 L g
boalie cl o cedd a8 3 s sl S 659
b el Sl 1 s e s Sl Sl s pe Sledis)
oS S (Sl Sk g by ) S

$99,9 s ool 3
3, UHI aulxe
.‘9 S
A Canddd pgaai = :
)
a’ -
ERSTECIRT 4,
&)l a9 g

gy o i dnlo

B (53wl w9y (S5 03y g 15 (gled g, Y U

Gk 3 s 5 ol Rl S 8 Jb 3 ens
533 3 i i, b Bes (poiis b (5 xS o310
Sl abs spde Gl 5 485 s
e Sl bug jas 5l Gl SaS 4 sl
Lyl i s e e Glag S 5 iy 4 by e
2 el Ll s bpasls ol &S syl 0 el
S o b Gllan g el 0 €1 Y ojled sl
b eolie U osgd e onls anws Ssee S, dde ol
03 ol edalie glales L 1) odd aculs gla axls
S el s el G el g adlie e

OF 4o 9 (588 FIl> 2l
JL. s 45 Actionbioscience aw s 518 b
St ol a5 e el B S D50 YN0
Sl onyr (Vinla a¥ ol S o OV 3)ls 55
OLen 5 50 e Sl e (7 5050 &Y
sl S3 gl |y il slacsls Yede dle o
«s (Fabrizi et al., 2010) Lles S oly Sol> nl5
Rl s ale WY Sl pli oS cl ol OF o jtegs
Lies (5 b L 0Ad 0 8 SKbled 50 Y o1~
oS sdas 0L (SHD) b 5ol ol 48 Jl= 5o
Rl S S Graer Sl G d mlae O
A sl 3 s glamiales 4 5L sl v 5 S~



$CL

B+ BoEVI + B3NDVI

+ 4 NDWI + BsNDBI

+ BsNDBal + B, MNDWI
+ BgBI + BoUI + ByoIBI
+ B11EBBI + By, SAVI

+ f13Wetness

+ B4Greenness

+ fisBrightness

(F)

éu: L;\MLLA J.:JLLA L Lmuvl,; U'i‘ O:,.laj 0 4>

#0¢
VY49 Glune ) W € 5 loits @ £F 595
T Gyl plia polie drwloee (gl 00l dy50 g (A LG .Y Joua
akyl, e ls
SWIR1 — TIRS1
NDBal = ————— Normalized Difference Bareness Index (NDBal
“ = SWIRL + TIRS1 ( )
SWIR1 — NIR
NDB] = —M Normalized Difference Built-up Index (NDBI
SWIR1 + NIR P ( )
(SWIR1 + RED) — (NIR + BLUE) : P
= Bare Soil Index (Bl :
(SWIR1 + RED) + (NIR + BLUE) B _f)i/
Y
SWIR2 — NIR
= Urban Index (Ul) %
SWIR2 + NIR
2XSWIR1 ( NIR GREEN
1] = SWIRLLIIR - Al W b Index-based Built-Up Index (IBI)
SWIR1+NIR" (NIR+RED GREEN+SWIR1)
SWIR1 — NIR .
EBBI = Enhanced Built-Up and Bareness Index (EBBI)
10vSWIR1 + TIRS1
NIR — RED
= Normalized Difference Vegetation Index (NDVI
NDVI NIR + RED 5 ( )
NIR — RED
EVI =G x .
NIR + C; X RED — C, X BLUE + L Enhanced Vegetation Index (EVI) 3
L=1;C =6;C,= 75G=25 4
4
_ NIR—RED 2
SAVI = NIR + RED + L x(L+1) Soil Adjusted Vegetation Index (SAVI) 3
0<L<1=L=05 e
kS
NIR — SWIR1 _ _
NDWI = & Normalized Difference Water Index (NDWI) \%
NIR — SWIR1 B%
MNDWI = GREEN — NIR Modified Normalized Difference Water Index
" GREEN + NIR (MNDWI)
Brightness Tasselled Cap Transformation (TCT)
Greenness Tasselled Cap Transformation (TCT)
Wetness Tasselled Cap Transformation (TCT)
SHI =
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