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ABSTRACT

The purpose of this study is to identify the link between artificial intelligence and public policy and its role in improving the
quality of governance. Using review and comparative method, this paper studies the experience of countries that have used
artificial intelligence in policy-making and public service delivery processes, and from this point of view, draw an initial analytical
framework that can help explain the role of artificial intelligence in the quality of governance. The results show that artificial
intelligence affects the quality of governance from two dimensions: 1) increasing the dynamics and interaction of the public policy
cycle in different stages and 2) improving the quality of government services and the efficiency of the administrative apparatus.
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